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Abstract ; The monitoring of grassland aboveground biomass is an important basis for the rational utilization
of grassland resources and understanding of the grassland ecological succession process. However, real-
time observation of grassland aboveground biomass requires a lot of manpower and material resources,so it
is urgent to use remote sensing,mathematics,and other indirect observation methods. This review system-
atically concluded the domestic and foreign methods of grassland aboveground biomass estimation including
statistical models and mechanism models such as grassland growth models, crop growth models, light use
efficiency models,and ecological process models for grassland aboveground biomass estimation. We sum-
marized the characteristics and applicable conditions of the current models,and the relevant scientific con-
cepts and strategies in researches. By reviewing researches on agricultural remote sensing data assimilation
meeting the realistic requirements of grassland yield estimation, this review presents a less popular ap-
proach of estimating grassland yield based on the remote sensing data assimilation method, which provides
a large-scale and high-precision way on grassland growth simulation.
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Table 1  Statistical remote sensing estimation models of Grassland aboveground biomass

RERIHS A 8] S B T IR i 5% 3k
Model types Models Grassland types Remote sensing data Accuracy References
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TR T A L b 5 ) 5 JEE .
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Quadratic curve regression model Mountain meadow steppe

% PG 8 Power function model
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25 1 ] 5 A5 Y MR Forest steppe.
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Table 2 Other relevant grassland aboveground biomass estimation models
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Fig.1 Flowchart of remote sensing-model data assimilation for grassland aboveground biomass estimation
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